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Introduction Key Contribution
> Optimal EV charging allocation is critical for electrification but often Developed a novel bipartite network framework for EV charging optimization that:
ignores spillover effects between regions. 1) introduces Voronoi-K-means clustering to better capture demand spillover effects; 2)
» Better allocation methods are needed to optimize station placement, adoptg CI}OiCG modeling philosophy via a bipartite network .(l?nk.ir.lg drivers to stations);
charger types, and costs while considering spillover effects and meeting 3) optimizes charger placement, type, and number while minimizing costs.

real-world constraints.
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